ABSTRACT
INTRODUCTION
tudent-instructor communication and interactivity is crucial in the educational process, especially as the Web has become an important platform for online education delivery (Croxton, 2014) . Many students attend classes that are either completely online, or are meeting in blended format of face-to-face and online using different technologies, such as Blackboard, WebCT, Moodle, and many others. When students and instructors meet face-to-face, it is easy to communicate non-verbal cues that frame the conversation. A nod, a smile, physical proximity, the voice tone, or a myriad of facial expressions can convey many non-verbal cues that are usually part of face-to-face communication.
When communicating online, these non-verbal cues are absent, which creates challenges for building rapport and could lead to miscommunication (Huang & Hsiao, 2012; Kathleen & Thomas, 2006; Michael & Earlie, 2000) . Students are much more independent in the online class environment, and they need to rely more on themselves to manage or regulate their learning to achieve the educational goals they have set for themselves (Efklides, 2011 (Efklides, , 2014 . Students bring many traits, affect, skills, abilities and knowledge when they join classes. These factors interact within students' cognition while they are engaging in the learning process.
While the role of emotions and affect in education has been examined in many earlier studies (ClevelandInnes & Campbell, 2012; Kathleen & Thomas, 2006; Michael & Earlie, 2000; Milheim, 2012) , its role in distance education did not receive much emphasis, despite its link to positive student outcomes (Papantoniou & Plakitsi, 2012) . Specifically, the role and influence of positive regard on student outcomes.
Online classes require higher level of student independence and self-regulation than face-to-face classes. Schunk & Zimmerman (1994) define self-regulated learning (SRL) as "the process whereby students activate and sustain cognitions, behaviors, and affects, which are systematically oriented toward attainment of their goals" (p. 309) . This definition stresses the process of setting forth goals that students aim to achieve and put the personal resources needed to attain these goals, namely: cognition, behavior, and their emotion or affect. Students come to the learning environment along with their emotions and personality and have certain expectations from the instructor they are interacting with (Schunk & Zimmerman, 1994) .
Affect is viewed as an integral component of self-regulated learning, or SRL, along with metacognition and motivation. These variables and their interactions are linked in the Metacognitive and Affective Self-Regulated Learning (MASRL) model (Efklides, 2011) . Affect, as it interacts with the other model components, influences the task or the outcome planned or expected to be accomplished. The MASRL model is composed of cognition, metacognition, affect, and volition. Affect refers to the attitudinal and emotional parts of a learning subject or person. It's inclusion in the MASRL model is consistent with, and acknowledges in its construction, Bandura's (1986) construct of self-efficacy. It is defined as academic emotions in the model and it is assumed to be independent of metacognitive knowledge, however it is related to motivation.
A student's self-concept in the knowledge area and the perception of the task's level of the difficulty governed by earlier knowledge of that task influence the expected learning outcome. Affect emerges from positive attitudes towards that task, and is formed at the person level as opposed to the (task x person) level in the model. Self-regulated learning and positive affect were found to be related to course outcomes, and is influenced by personality traits, which supports the MASRL model (Papantoniou & Plakitsi, 2012) .
Several comparative studies between online and face-to-face settings were conducted with results that emphasize the importance of communication, the possibility of miscommunication and the difficulty in establishing rapport between the instructor and the students (Al-Saleh, 2002; Aspy & Roebuck, 1972; Hale, Mirakian, & Day, 2009; Hannay & Newvine, 2006) . (Aspy & Hutson, 1972) used the concept of positive regard to compare two groups of teachers who rated high and low on promoting student success. Teachers who used more praise than criticism, developed student ideas, were sincere in their responses to students and showed positive regard for the students as persons were rated high on promoting student success compared to the other teacher group. In another study, (Aspy & Roebuck, 1972) found a significant relationship between positive regard and higher level of student cognitive functioning. These early studies were conducted long before online education was developed.
In a comparative study about the difference between distance and face-to-face courses on the BarrettLennard Relationship Inventory (BLRI) variables of perceptions of regard, unconditional regard, empathetic understanding, and congruence for registered nursing students revealed lack of difference between the two settings. Relationships between students and their instructors were comparable both online and in class (Al-Saleh, 2002 ).
Affect was not a factor in some studies that compared online vs. traditional classroom teaching. Students reported many benefits and advantages to online courses, and achieved better learning outcomes such as attaining higher grades, reporting that they learned more, found the exams to be easier, spent more time studying for online classes, and perceived online classes as having higher quality (Hannay & Newvine, 2006) .
One of the features of face-to-face classroom instructions is rapport buildup that takes place as the class progresses. In an online setting where students do not physically interact with their instructor and do not see any feedback cues, such rapport is difficult to achieve. In an online vs. classroom instruction study in an allied health class, two groups of students were compared on several variables, such as satisfaction, rapport with the instructor, In some instances, student age plays a role in determining whether affect is in important factor in student online experience satisfaction. Mature students in graduate programs in higher education institutions do not emphasize instructor empathy, positive regard or affect, immediate feedback from the instructor on messages or assignment, rather the importance is put on constructive critical feedback on assignments, and instructor enthusiasm for helping students (Alison, 2004) .
RESEARCH MODEL
A causal relationship between empathy/positive affect shown by instructors toward students, and quality of learning outcomes is supported by the foregoing literature review. The authors will build on a model published by Efklides (2011) to structure several research questions and establish a methodology to test them.
The MASRL model expands on (Bandura, 1989) notion that affective state impacts performance on learning tasks through improving self-efficacy (self-concept relative to a particular task). In the MASRL model, affect impacts motivation at the person level in two ways. First, there is a direct impact on motivation. Positive affect impacts motivation in an immediate fashion due to an improved emotional state. Secondly, affect impacts motivation indirectly by way of self-concept. The more positive one's self-concept, the more confident he/she will be that effort put into learning will be rewarded. In order to synthesize the various studies cited in the literature review investigating the role of an emotional connection between learner and student, the authors will use the term "Perceived Positive Regard" in our research questions. It will be a proxy for the term 'affect' in the MASRL model. Perceived Positive Regard is posited as a positive emotional state, or positive affect felt by the learner (emphasis added). Each section of questions will be aggregated into a composite score and given a variable name. These composite variables can then be investigated to determine whether positive relationships among them are supported. In addition, the raw, question-item level data is available for factor analysis. This will enable the authors to explore whether student's reported responses along these dimensions actually measure (factor load on) unique dimensions or whether they all simply measure a student's happiness with his/her class experience.
Each research question will be posed separately for classroom data (SIR II) and distance class data (eSIR). Any differences in outcomes will be discussed in the Results and Conclusions sections. Specific research questions (posed as affirmative hypotheses) are as follows:
H1a: Perceived Positive Regard in classroom settings is a unique factor, separate from other factors in the question set regarding instructor behavior H1b: Perceived Positive Regard in distance settings is a unique factor, separate from other factors in the question set regarding instructor behavior H2a: Perceived Positive Regard in classroom settings will be positively related to student reported learning outcomes H2b: Perceived Positive Regard in distance settings will be positively related to student reported learning outcomes H3a: Perceived Positive Regard in classroom settings will be positively related to student effort expended.
H3b: Perceived Positive Regard in distance settings will be positively related to student effort expended
METHODOLOGY
Data were obtained through a local Educational Testing Service (ETS) portal at the authors' institution. It was determined by the researchers that responses from the 2013/2014 Academic Year were sufficient to perform the planned analyses. Data came in four distinct sets, each in an Excel spreadsheet. Classroom (SIR II) and distance (eSIR) were available separately from both the fall and spring Student Instructional Response cycles.
Scrubbing and reformatting the data was performed with Microsoft Access. First, data were consolidated into two tables -one for SIR II data and one for eSIR data. Since the spreadsheets had many lines of embedded
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The Clute Institute header data (above each class section reporting), they had to be removed. This was done with a delete query, deleting each line that did not have a complete data record. The resulting data sets yielded 3065 usable records with no missing fields for the eSIR and 7001 similarly clean data points for the SIR II. After scrubbing, data was exported back to Excel, since this is a file format easily imported into SPSS.
Final pre-processing and all data analysis was performed with IBM SPSS-19 (PC version). Before analytical procedures were performed, six composite variables were generated for each dataset. Many questions in the SIR II and eSIR were not included in the analyses. These questions either concerned students' opinions of textbooks and other non-instructor related aspects of the class, or were categorical in nature. Computed variables are summarized in Table 2 .
In order to address hypotheses H1a and H2a, principal components factor analysis was employed. All questions relating to instructor behavior were included in the factor analyses, along with student effort and expected outcomes. In addition, a generalized question about course quality (Q40 in the SIR II, and Q41 in the eSIR) was included to explore its factor loading. In both cases, a VARIMAX rotation was used to further highlight some factors that emerged during un-rotated factor analysis. The number of factors was not specified in any of the data runs. For Hypotheses H2a, H2b, H3a, and H3b, correlation matrices were run on each data set independently. Pearson correlations with two-tailed tests of significance were used. Output from all procedures will be transcribed into summary tables shown in the results section below.
RESULTS
In order to test Hypothesis H1a, following the procedures outlined in the preceding section, data from SIR II student responses (7001 records) were subjected to factor analysis independently. Output from the VARIMAX rotation is displayed in Table 3 below. For clarity, all factor loadings above .600 have been shaded. Similarly, student response data from eSIR student responses (3065 records) were subjected to principal components factor analysis, with output from the VARIMAX rotation displayed below. All factor loadings above .600 are shaded as above, with loadings between .500 and .599 shaded slightly lighter. 
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To test the remaining hypotheses (H2a, H2b, H3a, and H3b) two separate correlation matrices were generated using Pearson bivariate correlation procedures implemented via IBM-SPSS v. 19. Inputs to the correlation matrices were all computed factors, as listed in Table 2 . Output from the Correlation Matrix resulting from the SIR II data run is displayed in Table 5 below. Computed variables within the eSIR dataset were similarly analyzed. The resulting correlations are displayed in Table 6 below. 
CONCLUSIONS AND IMPLICATIONS FOR FUTURE RESEARCH
Regarding the first set of hypotheses (H1a and H1b), the authors' findings were mixed. From the SIR II data, which came from traditional classroom settings, response items which were used as a measure of positive regard did not factor load by themselves separately from questions measuring other instructor behaviors, such as organization, planning, and effective communication. All 15 questions did strongly load on a single factor, which the authors will interpret as students' general impression of instructor quality. Therefore, we must accept the null hypothesis that perceived positive regard is not, in itself, a unique factor in student evaluation of instructor performance. While it is possible that further rotations or different rotation techniques might have split these questions into separate factors, it was felt that the same exact procedures must be used with both data sets in order to fairly represent and compare results.
The other two factors aligned perfectly with the 'outcomes' and 'effort' related questions. This is certainly not a remarkable finding, since the instrument was designed and validated specifically by its authors to do just that. It is of interest, though, that Item 40, which is in a section by itself designed to measure a student's overall evaluation of course effectiveness, loaded highly on the instructor behaviors factor, but only moderately on the outcomes factor.
Results from the eSIR data set are more promising. Items from the instrument measuring perceived positive regard did load strongly and uniformly on a separate factor from the other 11 questions regarding instructor quality. While 3 of these 11 questions did appear to straddle the two factors, every one of them loaded more heavily on the non-'regard' factor. Based on this finding, the authors reject the null hypothesis for H1b. Positive regard, in the context of distance learning sections, is reported by students to be a separate dimension of their learning experience from other factors relating to instructor quality.
As in the prior factor analysis, 'outcomes' and 'effort' questions factor loaded quite highly and consistently together, confirming the instrument's validity in measuring these dimensions of students' experience with a class. In the eSIR, the single question measuring course effectiveness is item 41, since there is an extra question in this version that comes in a prior section. This item loads moderately on three of the four factors, with 'outcomes' being the strongest of the three. In both analyses, the overall question did not load significantly on the 'effort' factor.
For the remaining hypotheses, the authors will examine the correlation matrices, which display relationships among the five computed variables, used as measures of students' general perceptions about their class experience (refer to Table 2 ). Consistency with Efklides's (2011) MASRL model will be considered, along with the actual correlation coefficients. It should be noted that ALL correlations are significant at the .001 level due to the size of the datasets. Between the two correlation matrices, correlation coefficients between pairs of variables differ only slightly. Therefore, hypotheses H2a and H2b will be considered together. Similarly, H3a and H3b will be considered together.
In the MASRL model (Figure 1 ), 'affect', which the authors operationalize as perceived positive regard, impacts Metacognitive Skills and Metacognitive Knowledge which are both direct facilitators of task efficacy and performance. In our case, task performance is self-reported learning outcomes. Therefore, it is expected that perceived positive regard, (REGARD) will be positively correlated with learning outcomes (OUTCOME) in both classrooms (H2a) and distance (H2b) learning environments.
In Tables 5 and 6 , correlation coefficients between REGARD and OUTCOME support a direct impact of perceived positive regard on expected learning outcome. For the classroom (SIR II) dataset, correlation was observed to be .615, and in the distance dataset, the correlation was .592. Therefore, the authors reject the null hypotheses that perceived positive regard does not directly impact learning outcomes, both in classrooms (H2a) and distance (H2b) modalities. Interestingly, perceived positive regard was not the strongest of the observed correlations with learning outcomes. Organization and planning (ORGPLAN) and communication (COMM) were both slightly higher. While this finding does not diminish the significance of the impact of positive regard, it does indicate that there are other aspects of how the instructor conducts a class that are very important.
Lastly, since data was available to test the direct relationship shown in the MASRL model between affect and motivation (REGARD and EFFORT as we operationalize them) the authors did so. In both classrooms (H3a) and distance (H3b) modalities, the relationship between these variables was significant, but significantly weaker than the relationships measured between REGARD and OUTCOME. In the case of classroom sections (SIR II), the observed correlation coefficient was .277, while in the distance sections (eSIR) it was .279.
As has been noted, due to the size of the datasets, all observed relationships are highly significant. Therefore, the null hypotheses that positive regard does not impact effort expended in classrooms (H3a) and distance (H3b) settings are rejected. While these findings do not dispute the relationships shown in the MASRL model, they do reflect on the strength of those relationships. A mitigating factor may be that items from the available dataset, and composite variables constructed therefrom do not comprise a perfect measure of 'motivation' as Efklides envisioned it.
In summary, the authors feel that these findings do support the importance of perceived positive regard in both classroom and distance settings. They support the many authors cited who believe strongly that a personal connection (stated many ways, such as 'empathy', 'rapport', 'regard', etc.) between instructor and student, regardless of setting is critical to positive learning outcomes. Some evidence was found (factor analyses) that perceived positive regard impacts students' experiences in distance sections in a slightly higher fashion than it does in traditional classroom setting. The connection between affect and motivation (REGARD and EFFORT in our study) shown in the MASRL model was supported.
Future investigation into the linkages between positive regard, motivation, and learning outcomes is needed for better understanding of the dynamics of learning in both classrooms and particularly distance modalities. While the authors used available data from the Student Instructional Report, questions on this instrument did not specifically target instructor behaviors in distance learning environments. A possible direction for future studies would be to develop scales for measuring demonstrated positive regard in distance settings using original, targeted questions.
The present study can support and guide such studies. The authors have shown that positive regard is strongly associated with perceived learning outcomes, possibly even more in distance settings that in traditional ones. This finding, coupled with the difficulty of expressing and perceiving positive regard in distance settings, emphasizes the need for further study, advancing best practice models in distance learning.
